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In this paper, we propose an integrated similarity
calculation methodology that incorporates various
weighted-sum approaches for different data items to
quantify the similar-item prediction method used in
weapon-system reliability analysis. Applying the
proposed methodology to representative data
demonstrated that it can effectively identify equipment
with high similarity, enabling reproducible and
objective selection of comparable systems.
Additionally, automating similarity calculations for
large datasets significantly improves analysis
efficiency.

QAR [H| W (Similar-Item Prediction Method),
S=2|C]Qt 7{2|(Euclidean Distance),

OHGHE 7{2|(Manhattan Distance),

AFHE SAE (Jaccard Similarity)
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